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CHAPTER 4: RESULTS OF DATA ANALYSIS 
 

This chapter consists of three types of analysis done on the collected data and how 

analyses of the results are used to achieve research objectives. The types are 

reliability, descriptive and statistical analysis. The software package SPSS™ version 

17.0 is the tool which was used to perform these analyses. 

 

Responses received from managerial employees and non-managerial employees can 

be categorized into qualitative data and quantitative data. Qualitative data is used to 

recognize the responder’s company background and quantitative data is used for the 

descriptive and statistical analysis. Each response was individually assessed to ensure 

data validity and integrity. Incomplete responses have been followed up with the 

responder with available contact information in many instances.  

 

The following tables illustrate the statistics of the questionnaire distribution and 

responses received (including interviews) as a summary. 

 

Table 4.1: Statistics of non- managerial questionnaire distribution & responses received 

Job Category 

Questionnaires 

Sent 

Responses 

Received 

Return 

Rate % 

Programming & Software Engineering 68 37 54.41 

Testing & Quality Assurance 58 37 63.79 

Technical Support 62 37 59.68 

 

 
Table 4.2: Statistics of managerial questionnaire distribution & responses received 

 

Job  Specification 

Questionnaires 

Sent 

Responses 

Received 

Return 

Rate % 

Managerial IT Employees 64 25 39.06 
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4.1 Reliability Analysis 

 

The reliability analysis was performed on ten responses (4 software engineers, 3 QA 

engineers , 3 support engineers) received from these job categories in order to evaluate 

the quality of the questionnaires. Reliability testing is used to make sure the internal 

consistency of the measures. Cronbach’s coefficient is an indicator of measuring the 

reliability of the questionnaire. 

Table 4.3: Reliability analysis of constructs for the non-managerial questionnaire 

Construct 

Cronbach’s 

Alpha 

 Technology Change 0.801 

 Acquired Training Level 0.906 

 Skill Gap_Skill Importance 0.745 

 Skill Gap_Skill Proficiency Level 0.778 

 

According to the table 4.3, ‘Acquired Training Level’ has a reliability level of more 

than 0.9 with respect to other independent variables. Technology change has a 

reliability level more than 0.8. The independent variable ‘working experience’ was not 

considered for a reliability test, since working experience value was obtained from the 

responder directly. In terms of dependent variable, two dimensions (skill importance 

and skill proficiency level) were considered to calculate the skills gap. According to 

the data, skill proficiency level showed a reliability of 0.778 and 0.745 for skill 

importance. 

Since the managerial questionnaire also included questions to determine the skills gap 

concept, reliability of skill importance and skill proficiency level dimensions were 

measured as listed in the table 4.4. 

Table 4.4: Reliability analysis of constructs for the managerial questionnaire 

Construct Cronbach’s Alpha 

 Skill Gap_Skill Importance 0.812 

 Skill Gap_Skill Proficiency Level 0.823 
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Generally, having an alpha value above 0.7 is considered as a reliable in theory. Since 

all the above measures are in between 0.7 – 1, it indicates that the questions targeted 

to capture each variable are at an acceptable level for further analysis. 

 

4.2 Descriptive Analysis of Construct Variables 

 

This section elaborates frequencies, measures of central tendency and dispersion of set 

of data in terms of each variable in order to identify consequential characteristics. In 

simple terms descriptive analysis gets a feel of the data distribution among three job 

categories.  

4.2.1 Technology Change 

 

Technology change was measured with a scale from 0 to 5, where 0 - not applicable, 1 

- strongly disagree, 2 - somewhat disagree, 3 - neutral, 4 - somewhat agree and 5 - 

strongly agree. Four questions which include the following indicators were asked to 

measure to what extent responders come across technology change in the working 

environment.  

The minimum and maximum values represent the lowest and highest values that a 

responder has selected. The mean value of technology change construct indicates the 

average value of the extent responder has come across technology change in the 

working environment. The range of the mean value can be varied from 0 to 5. 

Standard deviation stipulates the extent a particular indicator is deviated from the 

mean. 

The following tables illustrate the summary of frequencies of technological change on 

three job categories according to the responses received.  
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Table 4.5: Descriptive statistics of technology change – programming & software engineering job 

category 

Indicator (Question) Min. Max. Mean 

Std. 

Dev. 

1.Felt a skill deficiency due to technology 

change 
1 4 3.38 0.924 

2.Adjusted to the technology change  
2 5 4.08 1.038 

3.Organization put in place all the necessary 

training, policies and procedures required for 

the technology change 

1 5 3.68 1.226 

4.Underwent few trainings to adjust with the 
technology change: 

2 5 3.86 0.673 

 

According to the descriptive statistics of technology change, the highest mean 4.08 is 

shown in the second indicator for software engineering job category, where most of 

the responders confirmed that they have adjusted to the technology change by 

themselves. The second highest mean 3.86 recorded under the fourth indicator where 

respondents confirmed that they had to undergo a few trainings due to the technology 

change.  The highest standard deviation of 1.226 shown in the third indicator, which  

reflects that it is the most deviated among all other indicators, where most 

organizations either implemented necessary policies and procedures to cope with the 

technological change or organizations which have not implemented any of those. 

Table 4.6: Descriptive statistics of technology change – testing & quality assurance job category 

Indicator (Question) Min. Max. Mean 

Std. 

Dev. 

1.Felt a skill deficiency due to technology change 
1 4 3.22 0.976 

2.Adjusted to the technology change  
2 5 4.16 0.898 

3.Organization put in place all the necessary 

training, policies and procedures required for the 

technology change 

1 5 3.51 1.170 

4.Underwent few trainings to adjust with the 

technology change: 
2 5 3.73 0.652 
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The highest mean 4.16 is designated to second indicator for quality assurance job 

category, where most of the responders confirmed that they have adjusted to the 

technology change by themselves. The second highest mean 3.73 recorded under 

fourth indicator where respondents confirmed that they had to undergo a few 

trainings, due to the technology change. The highest standard deviation of 1.170 is 

shown in third indicator where it confirmed that most organizations either 

implemented necessary policies and procedures to cope with technological change or 

organizations which have not implemented any of those. 

Table 4.7: Descriptive statistics of technology change –technical support job category 

Indicator (Question) Min. Max. Mean 

Std. 

Dev. 

1.Felt a skill deficiency due to technology change 
1 5 3.43 1.015 

2.Adjusted to the technology change  
2 5 4.19 0.908 

3.Organization put in place all the necessary 

training, policies and procedures required for the 

technology change 

1 5 3.38 1.341 

4.Underwent few trainings to adjust with the 

technology change: 
1 5 3.70 0.878 

 

Technical support job category also indicated similar characteristics of data 

distribution as other two job categories shown. The highest mean 4.19 yet again is 

most of the responders agreed that they have adjusted to the technology change by 

themselves. The second highest mean 3.70 was recorded under the fourth indicator, 

where respondents agreed that they had to undergo a few trainings due to the 

technology change. The highest standard deviation of 1.341 is shown in the third 

indicator among the three job categories, where it is confirmed that most organizations 

either implemented necessary policies and procedures to cope with technological 

change or organizations which have not implemented any of those.  
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4.2.2 Working Experience 

 

Working experience was measured on a Likert scale ranging from 1 to 5 as elaborated 

in below: 

1- Very little experience (less than 6 months) 

2- Little experience (between 6 months to 2 years) 

3- Average experience (between 2 years to 5 years) 

4- Better than average experience (between 5 years to 10 years) 

5- Well experienced (more than 10 years) 

Working experience was directly measured by a single question and later it was taken 

into a scale as shown above. Minimum and maximum values represent the lowest and 

highest values which is 1 and 5 for working experience. Mean value of working 

experience construct indicates the average working experience for a particular job 

category. The range of mean value is varied from 1 to 5. Standard deviation specifies 

the extent that a particular indicator is deviated from the mean among all other 

indicators. 

Following table illustrates the summary of frequencies of the respondent’s industry 

working experience on three job categories: 

Table 4.8: Descriptive statistics of working experience 

Job Category  Min. Max. Mean 

Std. 

Dev. 

 

Programming & Software Engineering 

 

1 

 

4 

 

2.78 

 

0.917 

Testing & Quality Assurance 1 4 2.81 0.938 

Technical Support 1 4 2.78 0.947 

 

According to the table 4.8, mean value is between 2.75 to 3.0 indicates that most of 

the respondents belong to the category of average work experience which is 2- 5 

years.  
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Considering the three job categories highest mean value 2.81 is recorded in the testing 

& quality assurance job category. Considering the standard deviation values, a similar 

range of deviation is indicated among responders for all the three job categories. 

Minimum value of 1 is indicated among all the three job categories which showed the 

lowest experience of less than 6 months. Among employees who responded to this 

survey, maximum value of 4 is indicated from all three job categories which 

confirmed that the highest work experience evidenced amongst respondents between 5 

years to 10 years. 

4.2.3 Acquired Training Level 

 

Acquired training level was measured using a scale from 0 to 5, where 0 - not 

applicable, 1 - strongly disagree, 2 - somewhat disagree, 3 - neutral, 4 - somewhat 

agree and 5 - strongly agree. Seven questions were asked to rate the level of training 

acquired by the responder at the working environment. 

Mean value of acquired training level variable indicates the average value of the 

extent responder has received training at the working environment. The range for 

mean value is varied from 0 to 5. Standard deviation specifies to what extent a 

particular indicator is deviated from the mean among all the indicators. Minimum and 

maximum values interpret the lowest and highest values that user has selected as the 

answer for each question (indicator). 

Following tables illustrate the summary of frequencies of acquired training level on 

three job categories. According to the descriptive statistics, the highest mean 4.19 is 

showed in the seventh indicator for software engineering job category where most of 

the responders confirmed that training they have received positively impacted on their 

skill development. The second highest mean 3.78 recorded under first indicator where 

respondents confirmed that they normally go through training programs at least every 

year. The highest standard deviation of 1.182 was shown in first indicator which 

reflects that it is the most deviated among all other indicators. Therefore, most of the 

employees are either given training at least every year, or they have not encountered 

training at all. 
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Table 4.9: Descriptive statistics of acquired training level – programming & software engineering job 

category 

Indicator (Question) Min. Max. Mean 

Std. 

Dev. 

1.Training programs at least every year 
1 5 3.78 1.182 

2.Extensive training programs are provided 
1 5 3.62 0.982 

3.Current and future talent and skill requirements 
are strongly considered when designing training 

programs  

4. Frequency of training programs 

 

0 

 

1 

5 

 

5  

3.54 

 

3.22 

1.145 

 

0.947 

5. Opportunity for career development within 

company 

6. Comprehensive need analysis is conducted 

3 

 

3 

 

5 

 

5 

 

3.68 

 

3.57 

 

0.747 

 

0.728 

 

7. Trainings impact on the skills development 3 5 4.19 0.660 

 

 

In quality assurance job category the highest mean 4.08 is also shown in seventh 

indicator where most of the responders confirmed that trainings they have received 

positively impacted on their skill development. The second highest mean 3.97 

recorded under first indicator where respondents confirmed that they normally go 

through training programs at least every year. The highest standard deviation of 1.166 

shown in first indicator which reflects that it is the most deviated among all other 

indicators. Therefore, most of the employees are either given training at least every 

year or they have not encountered training at all. 
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Table 4.10: Descriptive statistics of acquired training level – testing & quality assurance job category 

 

Indicator (Question) Min. Max. Mean 

Std. 

Dev. 

1. Training programs at least every year 
1 5 3.97 1.166 

2. Extensive training programs are provided 
1 5 3.76 1.011 

3. Current and future talent and skill requirements 

are strongly considered when designing training 

programs  

4. Frequency of training programs 

0 

 

1 

5 

 

5  

3.59 

 

3.27 

1.092 

 

0.932 

5. Opportunity for career development within 

company 

6. Comprehensive need analysis is conducted 

 

7. Trainings impact on the skills development 

3 

 

3 

 

3 

5 

 

5 

 

5 

3.76 

 

3.68 

 

4.08 

0.760 

 

0.784 

 

0.640 

 

Table 4.11: Descriptive statistics of acquired training level – technical support job category 

 

Indicator (Question) Min. Max. Mean 

Std. 

Dev. 

1. Training programs at least every year 
1 5 3.86 1.251 

2. Extensive training programs are provided 
1 5 3.59 1.040 

3. Current and future talent and skill requirements 

are strongly considered when designing training 

programs  

4. Frequency of training programs 

1 

 

1 

5 

 

5  

3.62 

 

3.14 

1.139 

 

1.084 

5. Opportunity for career development within 
company 

6. Comprehensive need analysis is conducted 

 

3 

 

3 

 

5 

 

5 

 

3.73 

 

3.62 

 

0.732 

 

0.982 

 

7. Trainings impact on the skills development 3 5 3.92 1.164 



41 

 

Technical support job category also indicated similar characteristics of data 

distribution as the two other job categories. The highest mean 3.92 is shown in the 

seventh indicator and second highest mean value of 3.86 is shown from the first 

indicator. The highest standard deviation of 1.251 shown in first indicator specifies 

that most of the employees either be given training at least every year or they have not 

encountered training at all. 

4.2.4 Skills Gap 

 

In this research study, skills gap calculated as the difference between skill importance 

and the skill proficiency level. Both skill importance and skill proficiency level was 

measured using a scale from 0 to 5 as indicated in below. 

Skill Importance: 

0- Not applicable 

1- Will not be important 

2- Less important 

3- Neutral 

4- Important 

5- Extremely Important 

 

Skill Proficiency Level:  

0- Not applicable 

1- Exhibited no skill  

2- Exhibited less skill  

3- Neutral 

4- Exhibited high skill 

5- Exhibited expert skill 
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Predefined skill sets were used for each job category to measure the skills gap in terms 

of soft skills, technical skills and core skills. Skills gap value for each skill is varied 

from -5 to +5. Summation of all the skills gap values interprets the total skills gap 

value for each skill type. 

Minimum and maximum values interpret the lowest and highest skills gap values 

indicated for each skill type. Mean value of skills gap variable indicates the average 

skills gap for each skill type which was chosen by the respondents for each job 

category. Standard deviation specifies to what extent a particular skill type has 

deviated from the mean among all the skill types. 

Following tables illustrate the summary of frequencies of the skills gap for three job 

categories according to the non-managerial IT employee’s responses. 

Table 4.12: Descriptive statistics of skills gap – programming & software engineering job category 

Skill Type  Min. Max. Mean 

Std. 

Dev. 

 

Soft Skills 

 

2 

 

23 

 

11.27 

 

6.518 

Core Skills  -7 11 4.93 3.476 

Technical Skills -11 18 4.37 4.799 

 

In software engineering job category, the highest mean 11.27 is indicated in soft skills, 

where most responses confirm that they have more skills gaps in the soft skill area. 

The second highest mean 4.93 is indicated in core skills area. Highest standard 

deviation 6.518 is shown by soft skill area which reflects most of the employees either 

exhibit higher soft skill competency or they exhibit lower competency. 

The highest mean 10.57 is indicated in soft skill type in the quality assurance job 

category, where most responses confirm that they have more skills gaps in soft skill 

area. The second highest mean 4.71 indicated in core skills area. The highest standard 

deviation 6.030 is shown by soft skills area as similar to software engineering job 

category. 
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Table 4.13: Descriptive statistics of skills gap – testing & quality assurance job category 

Skill Type Min. Max. Mean 

Std. 

Dev. 

 

Soft Skills 

 

3 

 

24 

 

10.57 

 

6.030 

Core Skills  -7 11 4.71 4.031 

Technical Skills -10 18 3.45 5.193 

 

As other two job categories shown, technical support job category indicated similar 

characteristics of data distribution. According to the table 4.14, the highest mean 

10.46 is indicated in soft skills, where employees in technical support job category 

confirmed that they have more skills gaps in soft skill area. The second highest mean 

4.95 is shown in core skills area. Highest standard deviation 8.849 is shown by soft 

skill area which reflects that higher deviation among employees who possess soft 

skills compared to the ones who do not. 

Table 4.14: Descriptive statistics of skills gap – technical support job category 

Skill Type Min. Max. Mean 

Std. 

Dev. 

 

Soft Skills 

 

-5 

 

41 

 

10.46 

 

8.849 

Core Skills  0 11 4.95 2.426 

Technical Skills -2 14 3.90 2.950 

 

Following table 4.15 illustrates the distribution of skills gap of IT employees as 

perceived by managerial employees. The following categorization of skills was 

generalized irrespective of the job category.  

According to the managerial responses also, highest mean (8.05) is indicated in the 

soft skills area. The second highest mean (6.14) is evidenced in technical skill area 

with respect to core skills that is evidenced as second highest mean considering the 

non-managerial employees’ feedback.  
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Table 4.15: Descriptive statistics of skills gap – managerial IT employees perspective 

Skill Type Min. Max. Mean 

Std. 

Dev. 

 

Soft Skills 

 

-3 

 

21 

 

8.05 

 

7.238 

Core Skills  -8 12 4.08 5.278 

Technical Skills -9 16 6.14 6.019 

 

According to this higher standard deviation was shown by soft skill and technical skill 

areas for which the managerial employees perceived that their subordinates possess 

the skills as required, but in the other case they do not. 

4.3 Statistical Analysis 

 

After the completion of descriptive analysis on construct variables, statistical analysis 

(inferential statistics) was used to study the impact of a condition (independent 

variables) on an outcome of interest (dependent variable). A confidence level of 95% 

is considered for all statistical tests since it is the standard that is commonly used. 

4.3.1 Hypothesis Testing 

 

This section consists of the evaluation of all hypotheses derived in the section 3.2.2 

with the help of collected data. 

4.3.1.1 Hypothesis I 

 

As described in the hypothesis section the first hypothesis is to find out the employee 

industry work experience has a significant influence on the existence of skills gaps of 

IT employees in the software industry.  

H1a: Employee work experience has a significant influence on the existence of the 

skills gaps of IT employees 

H10: Employee work experience has no significant influence on the existence of the 

skills gaps of IT employees  
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Industry working experience is obtained directly from the responses and later 

categorized into a Likert rating scale as described in the previous section (4.2.2). 

Pearson’s correlation test was performed in order to check whether there is a 

relationship between working experience of employee and the existence of a skills 

gap.  Converting this hypothesis into mathematical terms with respect to correlation 

analysis, it can be stated as; 

H10: ρ1 = 0 

H1a: ρ1 ≠ 0 

Where, ρ1 is the correlation factor between working experience and the skills gap. 

 

The results of the test as per SPSS are: 

 

Table 4.16: Correlation results between skills gap and working experience 

 

Working Experience 

 

 

 

Pearson Correlation 

Sig. (2-tailed) 

N 

Skills Gap 

-.198 

.037 

111 

 

The value of 0.037 for the significance which is less than 0.05 that indicates the null 

hypothesis can be rejected, which means we can adopt the alternative H1a. This 

indicates employee working experience does have an effect on the existence of skills 

gap. The correlation value shows that the effect is negative. 

The ANOVA method is used to verify relationship among employee working 

experience and the skills gap. In order to observe the skills gap distribution with 

respect to employee working experience, regression curve fit is drawn which is 

another regression analysis method used to find the relationship between working 

experience and skills gap. 
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Table 4.17: ANOVA results between skills gap and working experience 

Model Sum of Squares df Mean Square F Sig. 

 Regression 618.382 1 618.382 4.465 .037a 

Residual 15096.255 109 138.498   

Total 15714.637 110    

 

 

Figure 4.1: Regression curve fit between skills gap and working experience 

 

The curve estimation of the work experience on skills gaps shows there is a negative 

influence on skills gaps from the employee industry working experience, which means 

higher the work experience lower the skills gaps. 

 

4.3.1.2 Hypothesis II 

 

The second hypothesis is to find out whether employee acquired training level has a 

significant influence on the existence of skills gaps of IT employees in the software 

industry. 
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H2a: Lack of training of employee has a significant influence on the existence of skills 

gaps of IT employees 

H20: Lack of training of employee has no significant influence on the existence of 

skills gaps of IT employees 

 

The employee acquired training level is measured averaging all the dimensions’ 

values for each job category.  

 

Pearson’s correlation test was performed in order to see whether there is a relationship 

between the acquired training level and the existence of skills gap of the employee. 

Converting this hypothesis into mathematical terms with respect to correlation 

analysis, it can be stated as; 

 

H20: ρ2 = 0 

H2a: ρ2 ≠ 0 

Where, ρ2 is the correlation factor between acquired training level and the skills gap. 

 

The results of the test as per SPSS are: 

Table 4.18: Correlation results between skills gap and acquired training level 

 

Acquired Training Level 

 

 

 

Pearson Correlation 

Sig. (2-tailed) 

N 

Skills Gap 

-.221 

.020 

111 

 

 

The value of 0.020 for the significance which is less than 0.05 that indicates the null 

hypothesis can be rejected, which means we can adopt the alternative H2a. This 

indicates employee acquired training level does have an effect on the existence of 

skills gap. The correlation value shows that the effect is negative. 
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The ANOVA method is also used to verify the relationship among acquired training 

level and the skills gap. In order to observe the skills gap distribution with respect to 

employee acquired training level, the regression curve fit is drawn which is another 

regression analysis method, used to find the relationship between acquired training 

level and skills gap. 

Table 4.19: ANOVA results between skills gap and acquired training level 

Model Sum of Squares df Mean Square F Sig. 

Regression 767.813 1 767.813 5.599 .020 

Residual 14946.823 109 137.127   

Total 15714.637 110    

 

 

Figure 4.2: Regression curve fit between skills gap and acquired training level 

 

The curve estimation indicates there is a negative influence on skills gaps from the 

employee acquired training level which means lower the training higher the skills 

gaps. 

4.3.1.3 Hypothesis III 

 

The third hypothesis is to find out technology change has significant influence on the 

existence of skills gaps of IT employees in the software industry. 
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H3a: Technology change has a significant influence on the existence of the skills gaps 

of IT employees 

H30: Technology change has no significant influence on the existence of the skills 

gaps of IT employees 

Technology change is measured averaging all the dimensions values, for each job 

category. Pearson’s correlation test was performed in order to see whether there is a 

relationship between the technology change and the existence of skills gap of the 

employee.  

Converting this hypothesis into mathematical terms with respect to correlation 

analysis, it can be stated as; 

  H30: ρ3 = 0 

  H3a: ρ3 ≠ 0 

Where, ρ3 is the correlation factor between technology change and skills gap. 

 

The results of the test as per SPSS are: 

Table 4.20: Correlation results between skills gap and technology change 

 

Technology Change 

 

 

 

Pearson Correlation 

Sig. (2-tailed) 

N 

Skills Gap 

.244 

.010 

111 

 

The value of 0.010 for the significance which is less than 0.05 that indicates the null 

hypothesis can be rejected, which means we can adopt the alternative H3a. This 

indicates technology change does have an effect on the existence of the skills gap. The 

correlation value shows that the effect is positive. 

The ANOVA method is used to verify the relationship between technology change 

and the skills gap. In order to observe the skills gap distribution with respect to the 

level of technology change, the regression curve fit is drawn.  It is another regression 

analysis method used to find the relationship between technology change and the 

skills gap. 
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Table 4.21: ANOVA results between skills gap and technology change 

Model Sum of Squares df Mean Square F Sig. 

Regression 938.667 1 938.667 6.924 .010a 

Residual 14775.970 109 135.559   

Total 15714.637 110    

 

 

 

 

Figure 4.3: Regression curve fit between skills gap and technology change 

 

The curve estimation of the technology change on skills gap shows there is a positive 

influence on skills gap from the technology change which means higher the 

technology change higher the skills gaps. 

 

4.3.2 Relative Significance of Factors Causing the Skills Gap 

 

The following table elaborates the significance value with respect to the confidence 

interval of 95% obtained through the correlation analysis for each factor. 
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Table 4.22: Significance values obtained for each factor 

 

 

 

  

According to these factors the technology change shows a higher significance to the 

skills gap than the other two factors which are working experience and acquired 

training level. The least significant factor is working experience with respect to the 

other two factors. 

4.4 Overall Results of the Study 

 

4.4.1 Main Findings 

 

The following conclusions can be drawn from the results of primary and secondary 

objectives of the research study.  

According to the test results of the first hypothesis, it is evident that the employee 

industry working experience has a negative impact on the employee skills gap where 

it highlights, the more the experience of the worker, the less skills gaps he or she is 

going to possess. The second hypothesis proved that the employee acquired training 

level has a negative impact on the employee skills gap, where it emphasizes lack of 

training leads to the existence of employees’ skills gap in the software industry. The 

third hypothesis testing results confirmed that technology change is a significant 

contributor of widening the skills gap in software organizations. 

Considering the significance of the influence, analytical results substantiated that 

technology change has the highest influence on the skills gap and acquired training 

level shows the second highest influence on the skills gap. The least influence 

evidenced from the working experience of the employee with respect to the other two 

factors.  

 

Factor 

 

Significance Value 

Working Experience 0.037 

Acquired Training Level 0.020 

Technology Change 0.010 
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The results of the secondary objective of the research which was involved in 

identifying the skills with most gaps, the soft skills area showed the highest skills gap 

among the three job categories as perceived by both managerial and non-managerial 

employees. Non-managerial employees voted for the core skills area which has the 

second highest skills gap among the three job categories. However managerial IT 

employees voted for the technical skills area to have the second highest skills gap 

among the three job categories. 

4.4.2 Other Findings 

 

This section elaborates other important findings obtained from the data analysis. It 

shows a summary of recognized lacking skills and competent skills of IT employees 

among the three job categories. 

4.4.2.1 Skill Deficiencies and Skill Competencies  

 

Skills gaps were identified based on predefined skill sets for each job category as 

mentioned in the section 3.4.2. Each skill set comprises three skill types: soft skills, 

core skills and technical skills. According to the responses received, few skills were 

identified with higher gaps and a few were identified with lower gaps or without gaps. 

The following section illustrates what skills were evidenced with higher skills gap and 

the skills that evidenced with lower skills gap for each job category. Skills were 

ranked according to the percentage obtained with respect to the overall skills gaps of 

each skill category. 

Programming & Software Engineering Job Category 

 

Table 4.23: Lacking skills in programming & software engineering job category 

Rank Soft Skills Technical Skills Core skills  

1 Attention to details AJAX 

Internet and systems 

security 

2 Creative thinking SQL Server Systems design 

3 Oral communications .NET [ ASP/ C#/VB] Business intelligence 

4 Time management  Oracle E-commerce 

5 

Initiative/motivation 

to work C/ C++ 

Customer relationship 

management 
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Table 4.23 demonstrates the top five soft, core and technical skills which were 

evidenced with the highest skills gap among programming & software engineering 

employees in the software industry. The table 4.24 illustrates the top five competent 

skills which are soft, core and technical skills. These were identified as the skills 

having lower skills gaps for the same job category. 

Table 4.24: Competent skills in programming & software engineering job category 

Rank Soft Skills Technical Skills Core skills  

1 Conflict resolution         Visual Basic Programming 

2 

Written 

communications Java/J2EE/J2P/JSP 

Database design and 

administration 

3 Team work ability 

 

HTML/XHTML/DHTML System analysis 

4 Leadership  PHP 

Working globally 

/working with virtual 

Teams 

5 Professional ethics Linux  Business analysis  

 

 

Testing & Quality Assurance Job Category 

 

The following table illustrates which skills were evidenced with higher skills gaps in 

the testing & quality assurance job category under each skill area. As software 

engineering job category, creative thinking, attention to details and time management 

soft skills were identified with higher skills gap among testing and quality assurance 

employees as well. Internet and systems security skills were evidenced as the highest 

lacking skills among core skills in both software engineering and quality assurance job 

categories. 
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Table 4.25: Lacking skills in testing & quality assurance job category 

Rank Soft Skills Technical Skills Core skills  

1 Time management 

.NET [ ASP/ 

C#/VB] Internet and systems security 

2 Attention to details SQL Server 

Customer relationship 

management 

3 Creative thinking Linux Business analysis  

4 Self-esteem  Oracle Programming 

5 Ability to learn C/ C++ 

People and organizational 

change management 
                  

Table 4.26 illustrates the top five soft, core and technical skills which were identified 

with higher proficiency level among testing & quality assurance employees. System or 

application testing skill evidenced as the highest competent skill in this job category, 

since it is the main responsibility of this job role. 

Table 4.26: Competent skills in testing & quality assurance job category 

             

 

Technical Support Job Category  

The following top five skills were proven to have the higher skills gap among 

technical support employees for each skill category. Lacking skills of technical 

support job category were attention to details and creative thinking. 

 

 

Rank Soft Skills Technical Skills Core skills  

1 Questioning skills Visual Basic Systems/applications testing 

2 

Conflict 

resolution           Command Language 

Human-computer interaction 

design 

3 

Professional 

ethics 

MS Windows 2000 – 

2003/NT/XP/VISTA/ Training 

4 

Written 

communications 

 HTML/XHTML/ 

DHTML E-commerce 

5 Leadership  SAP 

Working globally / working 

with virtual teams 
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Table 4.27: Lacking skills in technical support job category 

Rank Soft Skills Technical Skills Core skills  

1 Attention to details  Oracle Systems design 

2 Conflict resolution                    SQL Server 

Internet and 

systems security 

3 Leadership  AJAX E-commerce 

4 Creative thinking 

MS Windows 2000 – 

2003/NT/XP/VISTA/ 

Business 

intelligence 

5 Research skills SAP 

Database design 

and administration 

 

The following skills were evidenced as the top five expert skills for each skill type in 

the technical support job category as illustrated in table 4.28. 

Table 4.28: Competent skills in technical support job category 

Rank Soft Skills Technical Skills Core skills  

1 

Interpersonal 

relationships  Java/J2EE/J2P/JSP 

Systems/application 

support 

2 

Oral 

communications C/ C++ 

Network design & 

implementation  

3 Questioning skills Visual Basic 

Hardware 

engineering and 

maintenance 

4 Professional ethics 

 

HTML/XHTML/DHTML Programming 

5 

Written 

communications .NET [ ASP/ C#/VB] 

Systems/application 

administration 

 

 

 

 

 

 


