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Gomis, M. Popović, C. Rico, A. Martins, J. Van den Bogaert, and M. L.
Forcada, Eds., Alicante, Spain, May 2018, pp. 279–288. [Online]. Available:
https://aclanthology.org/2018.eamt-main.26/

[67] H. Jiang, C. Liang, C. Wang, and T. Zhao, “Multi-domain neural machine
translation with word-level adaptive layer-wise domain mixing,” in Proceedings
of the 58th Annual Meeting of the Association for Computational Linguistics,
D. Jurafsky, J. Chai, N. Schluter, and J. Tetreault, Eds. Online: Association

51

https://aclanthology.org/2021.emnlp-main.666/
http://dx.doi.org/10.1073/pnas.1611835114
https://arxiv.org/abs/1704.00253
https://aclanthology.org/P16-1009/
https://arxiv.org/abs/1904.09107
https://aclanthology.org/2018.eamt-main.26/


for Computational Linguistics, Jul. 2020, pp. 1823–1834. [Online]. Available:
https://aclanthology.org/2020.acl-main.165/

[68] J. Lee, H. Kim, H. Cho, E. Choi, and C. Park, “Specializing multi-domain NMT
via penalizing low mutual information,” in Proceedings of the 2022 Conference
on Empirical Methods in Natural Language Processing, Y. Goldberg,
Z. Kozareva, and Y. Zhang, Eds. Abu Dhabi, United Arab Emirates:
Association for Computational Linguistics, Dec. 2022, pp. 10 015–10 026.
[Online]. Available: https://aclanthology.org/2022.emnlp-main.680/

[69] W. Wang, Y. Tian, J. Ngiam, Y. Yang, I. Caswell, and Z. Parekh, “Learning
a multi-domain curriculum for neural machine translation,” in Proceedings of
the 58th Annual Meeting of the Association for Computational Linguistics,
D. Jurafsky, J. Chai, N. Schluter, and J. Tetreault, Eds. Online: Association
for Computational Linguistics, Jul. 2020, pp. 7711–7723. [Online]. Available:
https://aclanthology.org/2020.acl-main.689/

[70] A. Sharaf, H. Hassan, and H. Daumé III, “Meta-learning for few-shot NMT
adaptation,” in Proceedings of the Fourth Workshop on Neural Generation and
Translation, A. Birch, A. Finch, H. Hayashi, K. Heafield, M. Junczys-Dowmunt,
I. Konstas, X. Li, G. Neubig, and Y. Oda, Eds. Online: Association
for Computational Linguistics, Jul. 2020, pp. 43–53. [Online]. Available:
https://aclanthology.org/2020.ngt-1.5/

[71] E. Stergiadis, S. Kumar, F. Kovalev, and P. Levin, “Multi-domain adaptation in
neural machine translation through multidimensional tagging,” in Proceedings
of Machine Translation Summit XVIII: Users and Providers Track, J. Campbell,
B. Huyck, S. Larocca, J. Marciano, K. Savenkov, and A. Yanishevsky, Eds.
Virtual: Association for Machine Translation in the Americas, Aug. 2021, pp.
396–420. [Online]. Available: https://aclanthology.org/2021.mtsummit-up.27/

[72] A. Cooper Stickland, A. Berard, and V. Nikoulina, “Multilingual domain
adaptation for NMT: Decoupling language and domain information with
adapters,” in Proceedings of the Sixth Conference on Machine Translation,
L. Barrault, O. Bojar, F. Bougares, R. Chatterjee, M. R. Costa-jussa,
C. Federmann, M. Fishel, A. Fraser, M. Freitag, Y. Graham, R. Grundkiewicz,
P. Guzman, B. Haddow, M. Huck, A. J. Yepes, P. Koehn, T. Kocmi,
A. Martins, M. Morishita, and C. Monz, Eds. Online: Association for
Computational Linguistics, Nov. 2021, pp. 578–598. [Online]. Available:
https://aclanthology.org/2021.wmt-1.64/

[73] J. Guo, K. Han, Y. Wang, H. Wu, X. Chen, C. Xu, and C. Xu, “Distilling object

52

https://aclanthology.org/2020.acl-main.165/
https://aclanthology.org/2022.emnlp-main.680/
https://aclanthology.org/2020.acl-main.689/
https://aclanthology.org/2020.ngt-1.5/
https://aclanthology.org/2021.mtsummit-up.27/
https://aclanthology.org/2021.wmt-1.64/


detectors via decoupled features,” in Proceedings of the IEEE/CVF conference
on computer vision and pattern recognition, 2021, pp. 2154–2164.

[74] A. Moslemi, A. Briskina, Z. Dang, and J. Li, “A survey on knowledge
distillation: Recent advancements,” Machine Learning with Applications,
vol. 18, p. 100605, 2024. [Online]. Available: https://www.sciencedirect.com/
science/article/pii/S2666827024000811

[75] A. Romero, N. Ballas, S. E. Kahou, A. Chassang, C. Gatta, and
Y. Bengio, “Fitnets: Hints for thin deep nets,” 2015. [Online]. Available:
https://arxiv.org/abs/1412.6550

[76] J. Yim, D. Joo, J. Bae, and J. Kim, “A gift from knowledge distillation: Fast opti-
mization, network minimization and transfer learning,” in 2017 IEEE Conference
on Computer Vision and Pattern Recognition (CVPR), 2017, pp. 7130–7138.

[77] W. Park, D. Kim, Y. Lu, and M. Cho, “Relational knowledge distillation,” 2019.
[Online]. Available: https://arxiv.org/abs/1904.05068

[78] I. Sutskever, O. Vinyals, and Q. V. Le, “Sequence to sequence learning with neu-
ral networks,” in Advances in Neural Information Processing Systems, Z. Ghahra-
mani, M. Welling, C. Cortes, N. Lawrence, and K. Weinberger, Eds., vol. 27.
Curran Associates, Inc., 2014. [Online]. Available: https://proceedings.neurips.
cc/paper_files/paper/2014/file/a14ac55a4f27472c5d894ec1c3c743d2-Paper.pdf

[79] D. L. Silver, Q. Yang, and L. Li, “Lifelong machine learning systems: Beyond
learning algorithms,” in 2013 AAAI spring symposium series, 2013.

[80] W. Jooste, R. Haque, and A. Way, “Knowledge distillation: A method for making
neural machine translation more efficient,” Information, vol. 13, no. 2, p. 88,
2022.

[81] Y. Li, C. Zhao, and C. Caragea, “Improving stance detection with multi-dataset
learning and knowledge distillation,” in Proceedings of the 2021 Conference on
Empirical Methods in Natural Language Processing, M.-F. Moens, X. Huang,
L. Specia, and S. W.-t. Yih, Eds. Online and Punta Cana, Dominican Republic:
Association for Computational Linguistics, Nov. 2021, pp. 6332–6345. [Online].
Available: https://aclanthology.org/2021.emnlp-main.511/

[82] A. Ganesan, F. Ferraro, and T. Oates, “Learning a reversible embedding mapping
using bi-directional manifold alignment,” in Findings of the Association for
Computational Linguistics: ACL-IJCNLP 2021, C. Zong, F. Xia, W. Li, and
R. Navigli, Eds. Online: Association for Computational Linguistics, Aug. 2021,

53

https://www.sciencedirect.com/science/article/pii/S2666827024000811
https://www.sciencedirect.com/science/article/pii/S2666827024000811
https://arxiv.org/abs/1412.6550
https://arxiv.org/abs/1904.05068
https://proceedings.neurips.cc/paper_files/paper/2014/file/a14ac55a4f27472c5d894ec1c3c743d2-Paper.pdf
https://proceedings.neurips.cc/paper_files/paper/2014/file/a14ac55a4f27472c5d894ec1c3c743d2-Paper.pdf
https://aclanthology.org/2021.emnlp-main.511/


pp. 3132–3139. [Online]. Available: https://aclanthology.org/2021.findings-acl.
276/

[83] S. Wu and M. Dredze, “Do explicit alignments robustly improve multilingual
encoders?” in Proceedings of the 2020 Conference on Empirical Methods
in Natural Language Processing (EMNLP), B. Webber, T. Cohn, Y. He, and
Y. Liu, Eds. Online: Association for Computational Linguistics, Nov. 2020, pp.
4471–4482. [Online]. Available: https://aclanthology.org/2020.emnlp-main.362/

[84] K. Huang, X. Guo, and M. Wang, “Towards efficient pre-trained language
model via feature correlation distillation,” in Advances in Neural Information
Processing Systems, A. Oh, T. Naumann, A. Globerson, K. Saenko, M. Hardt,
and S. Levine, Eds., vol. 36. Curran Associates, Inc., 2023, pp. 16 114–16 128.
[Online]. Available: https://proceedings.neurips.cc/paper_files/paper/2023/file/
34260a400e39a802961470b3d3de99cc-Paper-Conference.pdf

[85] P. O. Aboagye, Y. Zheng, M. Yeh, J. Wang, Z. Zhuang, H. Chen, L. Wang,
W. Zhang, and J. Phillips, “Quantized Wasserstein Procrustes alignment of
word embedding spaces,” in Proceedings of the 15th biennial conference of
the Association for Machine Translation in the Americas (Volume 1: Research
Track), K. Duh and F. Guzmán, Eds. Orlando, USA: Association for Machine
Translation in the Americas, Sep. 2022, pp. 200–214. [Online]. Available:
https://aclanthology.org/2022.amta-research.15/

[86] S. Cao, N. Kitaev, and D. Klein, “Multilingual alignment of contextual word
representations,” 2020. [Online]. Available: https://arxiv.org/abs/2002.03518

[87] J. Zhang, C. Dong, X. Duan, Y. Zhang, and M. Zhang, “Third-party
aligner for neural word alignments,” in Findings of the Association for
Computational Linguistics: EMNLP 2022, Y. Goldberg, Z. Kozareva, and
Y. Zhang, Eds. Abu Dhabi, United Arab Emirates: Association for
Computational Linguistics, Dec. 2022, pp. 3134–3145. [Online]. Available:
https://aclanthology.org/2022.findings-emnlp.228/

[88] P. BehnamGhader, V. Adlakha, M. Mosbach, D. Bahdanau, N. Chapados,
and S. Reddy, “Llm2vec: Large language models are secretly powerful text
encoders,” 2024. [Online]. Available: https://arxiv.org/abs/2404.05961

[89] T. Wolf, L. Debut, V. Sanh, J. Chaumond, C. Delangue, A. Moi, P. Cistac,
T. Rault, R. Louf, M. Funtowicz, J. Davison, S. Shleifer, P. von Platen, C. Ma,
Y. Jernite, J. Plu, C. Xu, T. Le Scao, S. Gugger, M. Drame, Q. Lhoest,
and A. Rush, “Transformers: State-of-the-art natural language processing,” in
Proceedings of the 2020 Conference on Empirical Methods in Natural Language

54

https://aclanthology.org/2021.findings-acl.276/
https://aclanthology.org/2021.findings-acl.276/
https://aclanthology.org/2020.emnlp-main.362/
https://proceedings.neurips.cc/paper_files/paper/2023/file/34260a400e39a802961470b3d3de99cc-Paper-Conference.pdf
https://proceedings.neurips.cc/paper_files/paper/2023/file/34260a400e39a802961470b3d3de99cc-Paper-Conference.pdf
https://aclanthology.org/2022.amta-research.15/
https://arxiv.org/abs/2002.03518
https://aclanthology.org/2022.findings-emnlp.228/
https://arxiv.org/abs/2404.05961


Processing: System Demonstrations, Q. Liu and D. Schlangen, Eds. Online:
Association for Computational Linguistics, Oct. 2020, pp. 38–45. [Online].
Available: https://aclanthology.org/2020.emnlp-demos.6/

[90] J. Tiedemann, “Parallel data, tools and interfaces in OPUS,” in Proceedings of
the Eighth International Conference on Language Resources and Evaluation
(LREC‘12), N. Calzolari, K. Choukri, T. Declerck, M. U. Doğan, B. Maegaard,
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