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Medved’, M., Jakubíček, M., and Kovář, V. (2016). English-french document alignment
based on keywords and statistical translation. In Proceedings of the First Conference
on Machine Translation: Volume 2, Shared Task Papers, pages 728–732.

Mikolov, T., Sutskever, I., Chen, K., Corrado, G., and Dean, J. (2013). Distributed
representations of words and phrases and their compositionality. arXiv preprint
arXiv:1310.4546.

118



Minh-Cong, N.-H., Van-Vinh, N., and Le-Minh, N. (2023a). A fast method to filter
noisy parallel data wmt2023 shared task on parallel data curation. In Proceedings of
the Eighth Conference on Machine Translation, pages 359–365.

Minh-Cong, N.-H., Vinh, N. V., and Le-Minh, N. (2023b). A fast method to filter
noisy parallel data WMT2023 shared task on parallel data curation. In Koehn, P.,
Haddow, B., Kocmi, T., and Monz, C., editors, Proceedings of the Eighth Conference
on Machine Translation, pages 359–365, Singapore. Association for Computational
Linguistics.

Moon, H., Park, C., Koo, S., Lee, J., Lee, S., Seo, J., Eo, S., Jang, Y., Kim, H., Lee,
H.-g., et al. (2023). Doubts on the reliability of parallel corpus filtering. Expert
Systems with Applications, 233:120962.

Morin, E., Hazem, A., Boudin, F., and Loginova-Clouet, E. (2015). LINA: Identifying
comparable documents from Wikipedia. In Proceedings of the Eighth Workshop on
Building and Using Comparable Corpora, pages 88–91, Beijing, China. Association
for Computational Linguistics.

Munteanu, D. S. and Marcu, D. (2002). Processing comparable corpora with bilingual
suffix trees. In Proceedings of the 2002 Conference on Empirical Methods in Natural
Language Processing (EMNLP 2002), pages 289–295.

Munteanu, D. S. and Marcu, D. (2005). Improving machine translation performance by
exploiting non-parallel corpora. Computational Linguistics, 31(4):477–504.

Nag, S., Kale, M., Lakshminarasimhan, V., and Singhavi, S. (2020). Incorporating
bilingual dictionaries for low resource semi-supervised neural machine translation.
arXiv preprint arXiv:2004.02071.

Nagao, H. and Tsujii, J. (1986). The transfer phase of the mu machine translation system.
In Coling 1986 Volume 1: The 11th International Conference on Computational
Linguistics.

Nagao, M., Tsujii, J., Mitamura, K., Hirakawa, H., and Kume, M. (1980). A machine
translation system from japanese into english-another perspective of mt systems.
In COLING 1980 Volume 1: The 8th International Conference on Computational
Linguistics.

Nagy, A., Lakatos, D. P., Barta, B., Nanys, P., and Ács, J. (2023). Data augmen-
tation for machine translation via dependency subtree swapping. arXiv preprint
arXiv:2307.07025.

119



Naranpanawa, R., Perera, R., Fonseka, T., and Thayasivam, U. (2020). Analyz-
ing subword techniques to improve english to sinhala neural machine translation.
International Journal of Asian Language Processing, 30(04):2050017.

Nastase, V. and Merlo, P. (2023). Grammatical information in bert sentence embeddings
as two-dimensional arrays. In Proceedings of the 8th Workshop on Representation
Learning for NLP (RepL4NLP 2023), pages 22–39.

Nastase, V. and Merlo, P. (2024). Tracking linguistic information in transformer-based
sentence embeddings through targeted sparsification. In Proceedings of the 9th
Workshop on Representation Learning for NLP (RepL4NLP-2024), pages 203–214.

Ni, J., Abrego, G. H., Constant, N., Ma, J., Hall, K., Cer, D., and Yang, Y. (2022).
Sentence-t5: Scalable sentence encoders from pre-trained text-to-text models. In
Findings of the Association for Computational Linguistics: ACL 2022, pages 1864–
1874.

Nissanka, L., Pushpananda, B., and Weerasinghe, A. (2020). Exploring neural machine
translation for sinhala-tamil languages pair. In 2020 20th International Conference
on Advances in ICT for Emerging Regions (ICTer), pages 202–207. IEEE.

Novák, A., Tihanyi, L., and Prószéky, G. (2008). The metamorpho translation system.
In Proceedings of the Third Workshop on Statistical Machine Translation, pages
111–114.

Och, F. J. and Ney, H. (2003). A systematic comparison of various statistical alignment
models. Computational linguistics, 29(1):19–51.

Ott, M., Edunov, S., Baevski, A., Fan, A., Gross, S., Ng, N., Grangier, D., and Auli, M.
(2019). fairseq: A fast, extensible toolkit for sequence modeling. In Proceedings of
NAACL-HLT 2019: Demonstrations, pages 48–53.

Papavassiliou, V., Prokopidis, P., and Piperidis, S. (2016). The ilsp/arc submission to
the wmt 2016 bilingual document alignment shared task. In Proceedings of the First
Conference on Machine Translation: Volume 2, Shared Task Papers, pages 733–739.

Papineni, K., Roukos, S., Ward, T., and Zhu, W.-J. (2002). Bleu: a method for automatic
evaluation of machine translation. In Proceedings of the 40th annual meeting of the
Association for Computational Linguistics, pages 311–318.

Peng, W., Huang, C., Li, T., Chen, Y., and Liu, Q. (2020). Dictionary-based data augmen-
tation for cross-domain neural machine translation. arXiv preprint arXiv:2004.02577.
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